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Challenges for livestock production

1 Over 60 billion animals are slaughtered every year, increase
with up to 75 % by 20507

1 Health: Relationship between animal health and healthy food
0 Animal welfare(e.g. EU)

I Environmental Issues

I Social importance

I Economic importancencludingValorisation of knowledge
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Resulting In

7

b High number of animals per farm _
b Less available time per |nd|V|duaI anlmal
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b More welfare and other problems
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Precision Livestock Farmin

"3
e

g (PLF)

Managemenibof livestockby continuous automated redime
monitoringof production/reproduction, health and welfare of
livestock and environmental impact
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Examples of PLF Technology

Realtime algorithms generating
advice and feedback



Example: Infection Monitoring by

Real-time Sound Analysis
I.c.w. University of Milan, SoundTalks NV, Fancom BV
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PCM: Results Pigs ill again
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Example Realtime alarms for
problems in a broiler house

l.c.w. Fancom BV



Visionbased Early Warning System for
Broiler Houses

A Solution?

A Farmers can use automatic tools to continuously monitor the welfare and
health of their broilers

Farm manager dashboard

Welfar
mon to
software
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Distribution (%)

Measured vsmodelled
animal distribution
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Feeder line

2 Predicted values B

Normal situation

Event detection

Defect Feeder line
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Number of events
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Detected events In the validation

experiment over 42 days

Feeding systen

problems
1Electricity
failure _
Light
problems

Cl NS o
Inspect|on Unloadmg Vaccination
i

Water supply
problems

Climate control
system problems

Conclusion: Events in a broiler house

could be detected

using top-view image

analysis with an accuracy of 95.24 %
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M True positive
M False Positive
False Negative

(1 event)
4.76%

14



Future of PLE 1

Realtime algorithmsgenerating
advice and feedback



Cow lameness monitori:c.w Volcanj DeLavalWur Aggression monitormil, TIHO, Fancom E
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(c) Laboratory for Agricultural Build—ings Research
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